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Figure 1: Microarchitectural view: Organization of convolution filters in the Fire module. In this
example, s1;1 = 3, €121 = 4, and ez3 = 4. We illustrate the convolution filters but not the
activations.
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Figure 2: Macroarchitectural view of our SqueezeNet architecture. Left: SqueezeNet (Section 3.3);
Middle: SqueezeNet with simple bypass (Section 6); Right: SqueezeNet with complex bypass (Sec-
tion 6).
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